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Main Results

Theorem 1 (Hung-Tsai-W. 26+)
Given a (random) continuous function φ : [0, 1] → Rd with φ(x) ∈ ∆,
there exists a unique solution u(t, x) to the RSHE with u(0, x) = φ(x).

Moreover, the RSHE is reversible w.r.t. the law of Dyson Brownian
bridges.
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Under the long hexagon limit, the stationary Glauber dynamics of
Lozenge tiling/non-intersecting RW converges to the RSHE.
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Conjectural Hydrodynamic Limit

∂tU
∗ = ∂xxU

∗ + π2(∂yU
∗)−4∂yyU

∗

The RHS is the gradient of

F(U) =

∫
1

2
|∂xU|2 + π2

6
|∂yU|−2︸ ︷︷ ︸

surface tension σ

dxdy

σ(m, ρ) =
1

2
m2 +

π2

6
ρ−2
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Let ∂xU = m and ∂yU = ρ.

√
d

ρ

√
dm

Zm,ρ,d = P
[
(u1, u2, . . . , ud) ∈ ∆

]
σ(m, ρ) = − lim

d→∞
d−3/2 logZm,ρ,d
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Happy Birthday Greg!


